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Instituto Superior Tècnico, 501 507 930 TU Lisbon . . . . . . . . . . . . . . . . . . . . . . . . . . . . 1917

Sparse recovery by thresholded non-negative least squares,
Martin Slawski, and Matthias Hein, Saarland University . . . . . . . . . . . . . . . 1926

On Learning Discrete Graphical Models using Greedy Methods,
Ali Jalali, Christopher Johnson, University of Texas at Austin, and
Pradeep Ravikumar, University of Texas, Austin . . . . . . . . . . . . . . . . . . . . . . . . . 1935

Policy Gradient Coagent Networks, , and Philip Thomas, University
of Massachusetts Amherst . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 1944

Iterative Learning for Reliable Crowdsourcing Systems, David
Karger, MIT, Sewoong Oh, and Devavrat Shah, Massachusetts Institute
of Technology . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 1953

A Model for Temporal Dependencies in Event Streams, Asela
Gunawardana, Christopher Meek, Microsoft Research, and Puyang
Xu, Johns Hopkins University . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 1962

Unsupervised learning models of primary cortical receptive fields
and receptive field plasticity, Andrew Saxe, Maneesh Bhand,
Ritvik Mudur, Bipin Suresh, and Andrew Ng, Stanford University . . . . . 1971

The Doubly Correlated Nonparametric Topic Model, Dae Il Kim,
and Erik Sudderth, Brown University . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 1980

MAP Inference for Bayesian Inverse Reinforcement Learning,
Jaedeug Choi, and Kee-Eung Kim, KAIST . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 1989

Similarity-based Learning via Data Driven Embeddings,
Purushottam Kar, Indian Institute of Technology Kanpur, and Prateek
Jain, . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 1998

Predicting Dynamic Difficulty, Olana Missura, and Thomas
Gaertner, University of Bonn . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 2007

Sparse Estimation with Structured Dictionaries, , and David Wipf,
Microsoft Research Asia . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 2016

Spectral Methods for Learning Multivariate Latent Tree
Structure, animashree anandkumar, U.C.Irvine, Kamalika
Chaudhuri, UC San Diego, Daniel Hsu, Sham Kakade, Microsoft
Research, Le Song, Carnegie Mellon University, and Tong Zhang, Rutgers
University . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 2025

How biased are maximum entropy models?, Jakob Macke,
University College London, Iain Murray, University of Edinburgh, and Peter
Latham, University College London . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 2034

Active learning of neural response functions with Gaussian
processes, Mijung Park, The University of Texas at Austin, Greg
Horwitz, , and Jonathan Pillow, University of Texas at Austin . . . . . . . . . . 2043

xvii



Priors over Recurrent Continuous Time Processes, Ardavan
Saeedi, University of British Columbia, and Alexandre Bouchard-Côtè,
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University, Ali Taylan Cemgil, and Umut Simsekli, Bogazici University . 2151

Nearest Neighbor based Greedy Coordinate Descent, Inderjit
Dhillon, University of Texas at Austin, Pradeep Ravikumar, University of
Texas, Austin, and Ambuj Tewari, UT Austin . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 2160

The Fixed Points of Off-Policy TD, , and J. Zico Kolter,
Massachusetts Institute of Technology . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 2169

Generalizing from Several Related Classification Tasks to a New
Unlabeled Sample, Gilles Blanchard, Universität Potsdam (DE),
Gyemin Lee, and Clay Scott, University of Michigan . . . . . . . . . . . . . . . . . . . . . 2178

Trace Lasso: a trace norm regularization for correlated designs,
Edouard Grave, INRIA - Ecole normale supèrieure, Guillaume
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